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In today's era of information, data has been growing at an exponential rate to
become big data, and it needs platforms to allow users to govern, access,
deliver, analyze, and use these huge databases. Academics in higher education
need to utilize these platforms in teaching to enrich and empower the
educational experience of their students of these institutions. The purpose of
the current study is to investigate the impact of organizational characteristics
on the acceptance of big data platforms for academic teaching among higher
education institutes in Malaysia. 143 respondents participated to examine the
effect of organizational characteristics (Management Drive, Bandwagon
Pressure, and Training) on the acceptance of big data platforms for academic
teaching. Besides, examining the moderating role of task technology fit. The
results illustrate that management drive, bandwagon pressure has a significant
impact on acceptance, with an insignificant impact of training on the
acceptance. However, task technology fit has not moderated any of the
proposed relationships. This study would give insight for the higher education

institutes managements to improve their academics acceptance of the big data
platforms in teaching and therefore drive them to use the aforementioned
platforms.
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1. INTRODUCTION

Information & Communication Technology (ICT) has been the main driver in advancing countless
activities in human lives to achieve effectiveness (fulfilling goals) and efficiency (optimal resource allocation)
[1]. In the higher education context, technology is seen as an indispensable future tool and platform for teaching
and learning activities. Nevertheless, the COVID-19 pandemic represented an accelerating factor that made the
use of different technological tools in higher education institutions the only option to survive. Among the
increasing number of online tools that enhance the quality and delivery of information are big data platforms
which is the focus of this study.

Internet as a technology application has allowed information to be accessible at any time and place,
as we are approaching the internet of things (10T) era where billions of devices will be connected and produce
a huge amount of data which will be processed and analyzed to extract patterns that present valuable
information in every industry, and that is the essence of big data. Nowadays, big data has become a buzzword
that immediately draws attention and can be considered the future platform for innovation and productivity [2].
In the context of higher education, big data is expected to enhance this vital sector in the foreseen future,
through the function of e-learning, by boosting the students’ lecturer interaction, or by facilitating the
realization of individual goals and requirements of students [3]; [4].

Studying the acceptance of any technology application involves many factors and perspectives, be it
technological, individual, or organizational [5]. Organizational factors will be the focus of this study and how
they influence the successful acceptance and adoption of big data platforms in academic teaching. Among these
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factors is management drive which has been examined in different contexts and denotes to the management
will facilitate and motivate its employees to embrace specific technology [6,7]. Besides, bandwagon pressure
is a phenomenon where other peer organizations influence the actions of their organization [8], and training as
an important tool to equip employees with the necessary skills and comprehension of the new technology
[9,10]. Lastly, this study makes use of the task-technology-fit as a moderating variable as it was found to
strengthen the impact in some studies in the literature [11]. This study is opting to promote the use of big data
platforms in teaching activities by examining the organizational factors that encourage its use in the context of
higher education institutions in Malaysia.

2. RESEARCH METHOD
2.1. Management Drive (MD)

Management drive is defined as the degree to which the system users have been encouraged and
recognized by the top management [12]. While [13] defined it as the degree to which top management provides
the system users; useful resources, encouragement, and technical assistance. The explosive developments of
technologies in teaching and learning deliveries are making in-depth impacts on today’s education
industry. Many education providers are experiencing significant transformation and upgrading the
arrangement. The traditional working posts become outdated, while new stimuli are opened in bursts. The
phenomenon has put forward new challenges for higher education institutions in providing renovated skills
and improving the teaching and training methodology that are adaptive to the students as well as trainees [14].

As part of the immense globalization development, higher education now is actively reshaping the
institution into a virtual form. The need to enhance virtual education platforms is viewed as a core demand to
increase efficiency and capability [15]. However, the correctness of knowledge uploaded in the big data
platform is highly discussed among academic practitioners and authorities in ensuring the content is accurate
and relevant for academic purposes. To date, big data platforms are imperative in the education
setting. Educators used the platform to optimize their tasks in preparing relevant materials as well as effectively
engaging with the students. The platform assists educators to diligently prepare relevant teaching modules that
fit with a student's capability across their programs. Due to its relevance in acquiring 21st learning skills for
teaching and delivery, the acceptance in using the platform is rather encouraged by the management especially
in observing the 21st learning century [16]. The methodological materials and concepts provided in big data
platforms developed imperative and reliable education content which are recommended by the management of
higher education as it provides not only the quality education but also the overall atmosphere of the institution
[17]. Accordingly, it can be assumed that:

H1: Management drive has a significant impact on the acceptance of big data platforms for academic teaching.

2.2. Bandwagon Pressure (BP)

The term bandwagon pressure is given prominence in the literature associated with Big Data, as an
organization can be influenced by its competitors to follow suit when it comes to the adoption of new
technology. The term bandwagon effect was concocted by [18,19], to highlight the fact that such adoption by
an organization, stems from the activity of other organizations [20,21]. This stand is in agreement with that of
[22] who used the term herd behavior to describe the bandwagon effect. They opine that the bandwagon effect
can serve to reduce the difficulties hampering the acceptance of Big Data, by the educational sector. Given the
above, the following hypothesis was conceived to express the influence of the bandwagon pressure effect on
the acceptance of Big Data. Accordingly, it can be assumed that:

H2: Bandwagon pressure has a significant impact on the acceptance of big data platforms for academic
teaching.

2.3. Training (TR)

In the era of a data-driven world, big data is not only important for business but education as well.
Big data is an emerging concept, and that is why users of such data and its platforms need to be trained. [23]
has defined training as an organized and continued operation, which aims to provide the individual with
knowledge, or skill, or ability, or thoughts, or required ideas to perform specific work, or to meet a specific
goal. Training has been studied in many aspects and fields and emphasizing its importance in accepting and
using big data as a technology. [24] have stressed the importance of training in technology acceptance in the
Thai navy context. Furthermore, [25] in their study, suggested that there is a need for training on big data
acceptance and usage to improve the utilization of such analytics and platforms in two universities as a context
of the study (Technical University of Kenya and Strathmore University in Kenya). In the same line, [26] has
stated that business schools and higher education shall evolve to better tackle the educational challenges
associated with big data analysis and data science. Likewise, big data analysis impacts the strategy, structure,
and organization of companies, it also mutates their processes. Additionally, the smartphone training program
among the elderly in the elder university setting confirmed its effectiveness and improved their acceptance and
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usage of such a technology in China [27]. However, based on the aforementioned review, accordingly, it
can be assumed that:
H3: Training has a significant impact on the acceptance of big data platforms for academic teaching.

2.4. Task-Technology Fit (TTF)

Task-technology fit construct is derived from a theory of the same name that was developed by [28].
It has been extensively used in technology acceptance and adaption in different contexts and is defined as the
extent to which a specific technology tool or application supports the user in executing his/her task [29]. Others
defined it as the compatibility of the technology with the task [30]. Task-technology fit has known many uses
in academic research, as a construct with several measurements [31], and as multiple constructs representing
task-technology fit [32], or as an intervening variable whether mediating or moderating [11]. In this study’s
context as big data platforms represent the technology application under investigation, task-technology fit
refers to the compatibility of the aforementioned platforms with the academic staff’s task of teaching.
Therefore, given the above fundamentals, this study examines the moderating role of task-technology fit in all
three relationships in the proposed model as follows:
H4: Task-technology fit to strengthen the positive effect of management drive on acceptance of big data
platforms for academic teaching.
H5: Task-technology fit to strengthen the positive effect of bandwagon pressure on acceptance of big data
platforms for academic teaching.
H6: Task-technology fit to strengthen the positive effect of training on acceptance of big data platforms for
academic teaching.

2.5. Acceptance of Big Data Platforms for Academic Teaching (ACC)

The logical flow of actions when studying the use of any new technology application is to identify
the factors that will influence, motivate, and prompt an individual to have an intention to use or accept that
particular technology which will eventually lead us to study the consequences of that use [33]. Numerous
theories in the information system literature have explored this idea such as the theory of reasoned action
(TRA) developed by [34], the unified theory of acceptance and use of technology (UTAUT) designed by [35],
and technology acceptance model (TAM) constructed by [36]. In this study, acceptance of big data platforms
for academic teaching is the main construct of investigation. It refers to the positive perception of academic
staff in higher education institutions in Malaysia towards the use of such platforms in their teaching activities.
This has become especially important in the era of Covid-19 which accelerated the incorporation of technology
in all aspects of education [33]; [37].

3. RESEARCH METHOD
3.1. Conceptual Framework Overview

The framework below is created based on several concepts and models in the field of information
systems that are derived from literature. The role of organizational factors in technology usage and adaption
has been seen as crucial to the understanding of new technologies. Management drive, bandwagon pressure,
and training are derived from the literature to be elements in the proposed framework. Besides, task technology
fit is derived from the model developed by [38]. The model comprises 6 hypotheses to be examined.
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Figure 1. Research model
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3.2. Development of Instrument and Data collection

The study utilizes a sample of 143 academic staff in 7 higher education institutions (5 private and 2
public) in Malaysia, using an online-based survey during the period of June-July 2020. The questionnaire
adopted a total of 20 items from the literature and incorporated a five-point Likert scale where 1 indicates
strongly disagree and 5 indicates strongly agree (refer to Appendix A). Recommendations by [39] were
followed in determining the number of items to measure each construct to minimize overlapping.

4. ANALYSING THE DATA AND RESULTS

SEM-VB via SmartPLS 3.0 [40] was employed for data analysis and hypothesis testing as suggested
by previous research [41]; [42]; [43].
4.1.  Assessment of Measurement Model

Composite reliability (CR), Cronbach’s alpha, The average variance extracted (AVE), and the factor
loadings fulfill the requirements [44]; [45] as illustrated in Table 1.

Table 1. Assessment of measurement model

Loading o CR AVE
Constructs Item (>0.7) M SD >0.7) > 0.7) (>0.5)
. MD1 0.901
Ma”agz\r;l‘eD';t Drive MD2 0.919 3373 0.866 0.908 0.942 0.844
MD3 0.936
Bandwagon
Pressure BP1 0.931 3,542 0.703 0,873 0.940 0.887
BP2 0.952
(BP)
Training TR1 0.956
(TR) TR2 0971 2.542 1.013 0.923 0.963 0.928
Task-Technology TTF1 0.951
Fit (TTF) TTE2 0.964 3.359 0.809 0.910 0.957 0.917
Acceptance of Big
ACC1 0.923
Data Platforms for ACC2 0.977 3,601 0.848 0.956 0.972 0.919
Academic Teaching ACC3 0976

(ACC)
Note: a= Cronbach’s alpha; CR = Composite Reliability, M=Mean; SD=Standard Deviation, AVE = Average Variance
Extracted.
Fornell-Larcker was used to test the discriminant validity, table 2 shows that all constructs of the
model were fulfilled satisfactorily [46]; [47]; [48].

Table 2. Fornell-Larcker criterion

ACC BP MD TR TTF
ACC 0.959
BP 0.625 0.942
MD 0.539 0.514 0.919
TR 0.274 0.371 0.537 0.963
TTF 0.520 0.539 0.622 0.432 0.958

4.2.  Assessment of Structural Model
According to [48] the structural model can be tested by bootstrapping procedure with a resample of
5,000, see figure 2.
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Figure 2. PLS algorithm results
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Note: MD: Management Drive, BP: Bandwagon Pressure, TR: Training, TTF: Task-Technology Fit, ACC:
Acceptance of Big Data Platforms for Academic Teaching

4.2.1. Direct Hypothesis Results

Table 3 and Figure 2 detail the hypothesis testing results of the structural model. Management drive
and bandwagon pressure were identified to positively influence the acceptance of big data platforms in
academic teaching. Hence, H1 and H2 are accepted with (8 =0.328,t=2.714, p <0.01), and
(8 =0.382, t=3.852, p <0.001) respectively, while H3 is rejected. According to [49] and [50]) the value of
0.51 of R? indicating the explanatory power as an acceptable level.

Table 3. Direct Hypothesis Results

Hypothesis Relationship Beta Std Error t-value p-value Decision R2
H1 MD—ACC 0.328 0.121 2714 0.007 Supported 0.51
H2 BP—ACC 0.382 0.099 3.852 0.000 Supported

H3 TR—ACC -0.096 0.089 1.083 0.279 Not supported

Key: MD: Management Drive, BP: Bandwagon Pressure, TR: Training, TTF: Task-Technology Fit, ACC: Acceptance of Big Data
Platforms for Academic Teaching.

4.2.2. Moderating Effect Hypotheses

Figure 2 and Table 4 demonstrate that three sub-hypotheses were tested for four main hypotheses
which are: (1) Testing the causal effect of a predictor on an outcome, (2) Testing the causal effect of a moderator
on an outcome, (3) Testing the causal effect of an interaction (predictor*Moderating) on the outcome.
Examining the moderating effect was conducted by testing H4, H5, and H6. This study employed the
bootstrapping technique and a resample of 5,000 to evaluate the interaction effect. The results as shown in
Table 4 find that H4, H5, and H6 are rejected.

Table 4. Result of Moderating Effect Hypotheses

Hypothesis Relationship Beta Std Error t-value p-value Decision
H9 MD*TTF—ACC 0.157 0.158 0.997 0.319 Not supported
H11l BP*TTF—ACC -0.187 0.109 1.715 0.087 Not supported
H12 TR*TTF—ACC -0.005 0.105 0.052 0.959 Not supported

Key: KQ: Knowledge Quality, SEQ: Service Quality, SYQ: System Quality, PE: Perceived Enjoyment, PI: Personal
Innovativeness, ACC: Acceptance of Big Data Platforms for Academic Teaching

5. DISCUSSION

The organizational factors’ role in influencing the acceptance of big data platforms in academic
teaching was examined in this study, as such, management drive was found to significantly influence the
acceptance of big data platforms. That is, employees tend to have stronger acceptance of big data platforms
when the management of their institution considers big data platforms as important to enhance learning
outcome, effectively communicates its support for the use of big data platforms in teaching, and have
established standards to utilize big data platforms as a performance indicator. This finding is in line with
previous studies that examined the role of management support and found it to be significant in different
settings and contexts [5,7,51]. Further, the study found a significant impact of bandwagon pressure on the
acceptance of big data platforms, it can be understood by the notion that employees’ acceptance of big data
platforms is enhanced when more of their peers in other higher education organizations use big data platforms
in teaching and are typically active with big data platforms. This result adds to the existing literature on the
bandwagon pressure role [8,52,53].

Further, training was found to not have a significant impact on the acceptance of big data platforms
in academic teaching. This can be explained by the assumption that employees nowadays are equipped with
minimum skills to interact with basic technology and thus having training in the context of big data platforms
does not affect their acceptance of that technology.

Moreover, unlike studies that used task-technology-fit as a moderating variable and found it to be
significant [11]. This study found task-technology-fit does not strengthen nor dampen the effect of each of
management drive, bandwagon pressure, and training on the acceptance of big data platforms in academic
teaching. We can view such findings from the perspective that the first two relationships are already strong in
the era of covid-19 where higher education managements have resorted to the only option to keep the
educational process running through online learning with numerous platforms that are being used by all
academic staff, therefore, they are used to such technological tools in teaching during lockdowns and are likely
to accept another tool such as big data platforms. As for the last relationship which is training on the acceptance
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of big data and since it was not significant, thus there can not be a moderating effect of task-technology-fit on
that relationship [54].
6. IMPLICATIONS

The significant goal of this study is to scrutinize the organizational characteristics that affect the
acceptance of Big Data platforms in an educational context. The current research supports the crucial role of
Big Data in educational organizations and will assist online educators and learners to fully realize the
importance of Big Data platforms. The findings of this study might assist educational organizations to develop
successful platforms through big data activities by crafting policies and guidelines to institutionalize the
employment of big data capabilities in the teaching and learning process through training, motivation, and
evaluation. This study contributes to the Big Data literature in different ways. First, the study develops
promising information on the antecedents and outcomes of the organizational characteristics. Followed by the
concurrent effect of management drive, and bandwagon pressure towards the acceptance of big data platforms.
Lastly, the study has conceptualized a comprehensive acceptance framework which, therefore, can be
considered as a guideline to most practitioners who tend to implement and utilize Big Data platforms.

7. CONCLUSION

With the emergence of Big Data platforms, higher education organizations seemed to have significant
challenges in motivating their academicians to accept and adopt those platforms. Moreover, the lack of a
contextual adoption model that can lead to a successful implementation of big data in the higher education
context has played a key role in detaining the benefits of such advancement in education. This study has
bridged the gap of the existing literature with a comprehensive model that conceptualized influential
organizational characteristics/factors that affect the acceptance of Big Data platforms in the academic field.
The relationships were critically interpreted with levels of significance and impact on acceptance.
Consequently, this study has a significant contribution and guidelines for most educational institutions facing
misleading information on the acceptance of big data adoption. Few limitations to this study, namely the data
collected were at one point which might differ or change over time due to different situations. The study
examined the impact of management drive, bandwagon pressure, and training on the acceptance of big data
platforms in academic teaching, besides examining the moderation role of task-technology fit on all
relationships. The major highlight of this study is the importance of management intention and drive to push
for the adaption of big data platforms in the teaching and learning activities.
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APPENDIX
Instrument for variables
Variable Measure Source
MD1: Management considers big data platforms as important to enhance learning
Management outecomes. . . . .
Drive MD2: Mal?agemer}t effectively communicates its support for the use of big data [55]
(MD) platforms in teaching.
MD3: Management has established standards to utilize big data platforms as a
performance indicator.
Bandwagon BP1: Most higher education organizations use big data platforms in teaching.
Pressure BP2: Educational organizations in surrounding locations typically are active with big [53]
(BP) data platforms.
TR1: My organization provided me an adequate training on how to use big data
Training platforms. [56]
(TR) TR2: My organization provided me a complete training on how to use Big data
platforms.
Task-Technology | TTF1: Big data platforms fit with the way I like to teach.
Fit TTF2: Big data platforms are suitable for helping me complete my academic [57]
(TTF) performance.
Acceptance of Big | ACCI: Assuming that I had access to the big data platforms I intend to use it.
Data Platforms ACC2: I am planning to use big data platforms now and in the future. (Lee & Leh6t8, 2013)[59]
(ACCO) ACC3: I will strongly recommend others to use big data platforms in teaching. [60]
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